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Applications of machine learning and DFT simulation for
materials characterization
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In recent years, materials informatics, which integrates machine learning and artificial intelligence

with materials research, has become a highly active field. Machine learning applications are proving

valuable not only in materials simulation but also in materials processing and characterizations. This

presentation mainly introduces our recent researches utilizing machine learning and first-principles

calculations for nanoscale structural analysis. Furthermore, the application of generative Al and

data-driven methods for a materials discovery will be touched in my presentation.
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